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Using IMC, we identify that the text modality has the most importance in the dataset. For CP, we can measure which

modality input causes the decision to flip from a negative (Prior) to a neutral (Tabular) to a positive (Image) diagnosis.

dependent on modality availability

Robust to Missingness

MultiModN is robust to bias from missing
input modalities (catastrophic MNAR failure).
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MultiModN and P-Fusion are trained on four versions of with 0-80% MNAR. They
MultiModN has the advantage of being naturally extensible to the prediction of are tested on a test set with no MNAR missingness (- - -) or a fest set where the biased

missingness is label-flipped ie. MNAR occurs in the other binary class as compared with the

multiple tasks without negatively impacting the performance of individual tasks. train (). MultiModN is MNAR resistant, while P-Fusion exhibits catastrophic forgetting.



